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ABSTRACT

Aim Recently, a flurry of studies have focused on the extent to which geographical
patterns of diversity fit mid-domain effect (MDE) null models. While some studies
find strong support for MDE null models, others find little. We test two hypotheses
that might explain this variation among studies: small-ranged groups of species are
less likely than large-ranged species to show mid-domain peaks in species richness,
and mid-domain null model predictions are less robust for smaller spatial extents
than for larger spatial extents.
Location We analyse data sets from elevational, riverine, continental and other
domains from around the world.
Methods We use a combination of Spearman rank correlations and binomial tests
to examine whether differences within and among studies and domains in the predictive power of MDE null models vary with spatial scale and range size.
Results Small-ranged groups of species are less likely to fit mid-domain predictions than large-ranged groups of species. At large spatial extents, diversity patterns
of taxonomic groups with large mean range sizes fit MDE null model predictions
better than did diversity patterns of groups with small mean range sizes. MDE predictions were more explanatory at larger spatial extents than at smaller extents.
Diversity patterns at smaller spatial extents fit MDE predictions poorly across all
range sizes. Thus, MDE predictions should be expected to explain patterns of species
richness when ranges and the scale of analysis are both large.
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Main conclusions Taken together, the support for these hypotheses offers a more
sophisticated model of when MDE predictions should be expected to explain patterns
of species richness, namely when ranges and the scale of analysis are both large.
Thus the circumstances in which the MDE is important are finite and apparently
predictable.
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Research effort in ecology and biogeography has long focused on
identifying the environmental driver(s) underlying broad-scale
patterns in species diversity (e.g. Forster, 1781; Hawkins et al.,
2003; Willig et al., 2003). Despite decades of research, the rancour over the explanation for diversity patterns remains high,
at least in part because in recent years many studies have found
support for mid-domain effect (MDE) null models of diversity.
These models predict the patterns of diversity expected in the

absence of strong abiotic and biotic gradients on the distribution
of species along domains (Colwell & Hurtt, 1994; Colwell & Lees,
2000; Colwell et al., 2004).
The mid-domain effect is the pattern that results from the
random overlap in the distribution of species ranges along bounded
domains (Colwell & Hurtt, 1994; Lees et al., 1999; Colwell &
Lees, 2000; Colwell et al., 2004). Due to spatial constraints, more
species are expected to overlap by chance near the centre of the
domain than at the edges of the domain. In nearly all cases, the
pattern produced by such mid-domain effect null models (and
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hence the name of the models) is one in which ranges overlap in
the middle of the domain and produce a hump-shaped pattern
of diversity, much like empirical patterns seen along elevational
gradients (Fleishman et al., 1998; Kessler, 2001; Grytnes & Vetaas,
2002; Sanders, 2002; McCain, 2004a; Cardelús et al., 2006; Watkins et al., 2006), latitudinal gradients (Lees et al., 1999; Colwell
& Lees, 2000; Jetz & Rahbek, 2001; Koleff & Gaston, 2001;
Ellison, 2002; Connolly et al., 2003; McCain, 2003), temporal
domains (Dunn et al., in press), bathymetric depth gradients
(Pineda & Caswell, 1998) and river courses (Dunn et al., 2006).
In some cases, the variation in species diversity fits MDE
predictions well, often better than all other measured variables
(Fleishman et al., 1998; Lees et al., 1999; Jetz & Rahbek, 2001, 2002;
Kessler, 2001; Ellison, 2002; Sanders, 2002; Connolly et al., 2003;
McCain, 2003; Romdal et al., 2005; Cardelús et al., 2006; Watkins
et al., 2006; Kluge et al., 2006; Dunn et al., 2006, in press). Yet in
other cases, the MDE explains little to no variation in species
diversity (Koleff & Gaston, 2001; Diniz-Filho et al., 2002; Hawkins
& Diniz-Filho, 2002; Laurie & Silander, 2002; Colwell et al., 2004;
McCain, 2005, 2006). Cases where empirical diversity patterns
are well explained by null models are used as general support for
their continued use (e.g. Sanders, 2002; McCain, 2003, 2004a;
Colwell et al., 2004). In contrast, cases where null models do not
predict patterns of diversity are often levelled as general criticisms
of MDE null models (Diniz-Filho et al., 2002; Laurie & Silander,
2002; Zapata et al., 2005). The discrepancy among studies in the
fit of MDE null models seems to beg the question, why do some
diversity gradients fit MDE predictions but others do not?
Based on an analytical model, Lees et al. (1999) hypothesized
that MDE null models should have a higher explanatory power
for large-ranged taxa than for small-ranged taxa. Large-ranged
species are constrained to a relatively narrow array of possible
positions by virtue of their range size. Results from individual
studies or regions indicate that when species are split into large- and
small-ranged groups, the diversity patterns of groups of largeranged species are often better predicted by MDE null models
than by environmental variables, whereas groups of species with
small ranges on the same domains are poorly predicted by MDE
null models (e.g. Jetz & Rahbek, 2002; Cardelús et al., 2006).
However, Lees et al.’s (1999) hypothesis has yet to be rigorously
and empirically tested in comparisons among domains and taxa.
If the hypothesis of Lees et al. (1999) is supported, variation
among studies in the range size (relative to domain size) could
potentially explain substantial variation among those studies in
the fit of MDE null models.
As with many other factors that influence diversity patterns,
such as productivity, rainfall and temperature (e.g. Whittaker et al.,
2001; Rahbek, 2005), the predictive power of the MDE may
depend on spatial scale. Environmental variables, such as
productivity and temperature, seem to do a better job in predicting patterns of diversity for smaller spatial extents (e.g. Rahbek,
2005). Conversely, it may also be along these smaller spatial
extents that patterns of diversity deviate most from MDE null
model predictions. The hypothesis that MDE null models
explain more variation at larger than smaller spatial extents
remains untested, both within and among studies.
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We test two hypotheses in this paper: (1) small-ranged taxa are
less likely to show mid-domain patterns of species richness, and
(2) mid-domain patterns of species richness will be least apparent
at small spatial extents. If these hypotheses are not rejected, they
may explain differences among regions and studies in the extent
to which patterns of species diversity fit predictions of MDE null
models. We examine the explanatory power of the MDE for
a wide range of taxonomic groups, spatial scales and domain
types using 108 data sets varying from transects along elevational
gradients to species distributions at continental scales.
METHODS
We compare the explanatory power of MDE null models among
studies, regions and taxa, focusing on the explanatory power of
range size (measured relative to domain size) and domain size
(spatial extent). The underlying premise of the mid-domain
effect is that spatial boundaries cause more overlap of species
ranges towards the centre of an area where many large to mediumsized ranges must overlap but are less likely to abut an edge of the
area (Colwell & Hurtt, 1994; Lees et al., 1999; Colwell & Lees,
2000; Colwell et al., 2004). MDE null models approximate the
pattern of richness expected based on spatial constraints alone,
were the empirical range mid-points of species to evolve at
random with respect to the domain. To derive the distribution
of diversity predicted by spatial constraints, a MDE null model
program randomizes the placement of ranges (drawn from the
empirical range size frequency distribution and hence maintaining the effects of the environment and history on range size) by
choosing a particular empirical range size paired with a random
mid-point drawn from a uniform distribution.
One way in which different one-dimensional MDE null models
differ is in what happens when the model encounters a range
and mid-point combination that extends beyond the domain.
In one model (model 2, Colwell & Hurtt, 1994) such pairs are
omitted and a new mid-point is drawn for that range size until
the pair falls within the bounded area. Alternatively, in spreading
dye null models, ranges are allowed to ‘bleed’ back into the
domain the distance by which they extend beyond the domain
(e.g. Jetz & Rahbek, 2002). Other models can be envisioned (e.g.
Grytnes, 2003; Dunn et al., 2006), but these have been the two
primary models employed to date. Thus, the randomization procedure is constructed to determine the expected diversity pattern
for an empirical range size distribution within a constrained
space in the absence of the effects of environmental gradients on
range placement, but while preserving the effects of environmental gradients and history on range size. Empirical diversity
patterns can then be compared with MDE diversity predictions
to determine whether diversity could be coincident with this
constraint of space. Fits to the null model can then be detailed with
linear regressions or other models of the relationship between
empirical diversity and average MDE predicted diversity.
In addition to the differences among MDE null models in
randomization algorithms, models can also differ in terms of the
range size distributions used (see review in Colwell et al., 2004).
Some studies use theoretical range size frequency distributions
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(RSFDs; Diniz-Filho et al., 2002 in our analyses), but the majority
use empirical range sizes (e.g. McCain, 2004a). Nonetheless,
despite the differences among studies in the specifics of models,
the general predictions are the same, a unimodal richness pattern
with diversity peaking at the mid-point of the domain and
declining monotonically towards the edges. For this work, all
studies are based on MDE null models that use randomizations
of empirical range sizes (e.g. RangeModel, Colwell, 2005;
Mid-Domain Null, McCain, 2004b).
For our analyses, we extracted three pieces of information
from each MDE null model dataset (n = 108): the spatial extent of
each domain, the mean range size of the group of species relative
to the size of the domain (hereafter range size:domain size ratio)
and the coefficient of determination (r 2) for the regression of
empirical diversity on predicted diversity of MDE null models.
We focus on mean range size as an independent variable rather
than some other measure of range size distributions because
mean range size is easily extracted from published studies,
whereas other measures of range distributions are not. We consider the merits of considering mean range size relative to other
measures of range size in the discussion.
The four spatial extents into which studies were grouped were:
(1) continental studies which considered entire contiguous landmasses (e.g. the Americas or Madagascar, but not North America), (2) regional studies which considered regions that defined
either major ecological boundaries (e.g. biomes, or entire river
systems) or geopolitical boundaries (e.g. Peru), (3) gamma (γ)elevational studies that consider an entire mountain or mountain range, and (4) alpha (α)-elevational studies that consider a
single elevational transect within a region. The different extents
are not easily expressed in units, since the most appropriate unit
of measurement differs among domains (e.g. metres above sea
level for elevations, latitudinal degrees for continental gradients).
Because extent is a continuous variable these groupings are
imperfect, but the categories capture the magnitude of differences in extent necessary to understand its importance to the
relationship between patterns of diversity and the MDE.
We compiled the data for this analysis from Colwell et al.
(2004) and more recent studies of the MDE for 108 data sets
which collectively represent work on many different taxa from
the Americas, Africa, Asia and Europe (see Appendix S1 in Supplementary Material). This is by far the most comprehensive
examination of when MDE null models succeed or fail, and the
only statistical comparison. Studies varied in their particulars
but were consistent in the definitions of range size and in most
aspects of null model algorithms and statistical analyses (Appendix S1 in Supplementary Material). Because the use of r 2 values as
an independent variable potentially violates some assumptions
of traditional parametric analyses, we employed nonparametric
Spearman rank correlation techniques to examine the relationship between r 2 values and range size:domain size ratios for each
of the spatial extents separately. The dependent variable in the
analyses was the coefficient of determination for regressions of
empirical species diversity against null model predictions, and
the independent variables were either the spatial scale of the
region considered or the ratio of range size:domain size. In all

among-study comparisons, we considered range size:domain
size ratios in our analyses, rather than range size, since it is the
size of the range relative to the domain, not in absolute terms,
that is relevant to null model predictions.
In addition to the among-domain comparisons (as described
above), we also compared the effect of range size within domains
on the predictive power of the MDE. These analyses included
either: (1) studies or groups of studies that considered multiple
taxonomic groups from one domain (e.g. birds and mammals of
Peru) or (2) split one taxonomic group into large- and smallranged species and examined each size category separately. For
each of these cases, we compared whether the smaller-ranged
taxon or group on the domain showed a lower fit to MDE null
model predictions than the larger-ranged taxon or group (see
Appendix S2 in Supplementary Material). When more than two
taxonomic groups were considered along the same domain, we
used regression analyses where the coefficients of determination
for the regression of species diversity on MDE null model predictions (estimated from original studies) were the dependent variables and the mean range size of the group of species considered
was the independent variable. Significant positive relationships
between range size and MDE null model coefficients of determination were then included in the binomial tests in the same way
as pairwise comparisons showing the same pattern. We then used
binomial tests (test proportion = 0.5) to test whether the proportion of studies showing higher coefficients of determination differed when large-ranged species were considered relative to when
small-ranged species were considered. The binomial analysis of
the effects of range size differs in terms of data and interpretation
from the Spearman rank correlation analyses in two important
ways. First, the binomial analysis minimizes the number of
potentially confounding factors (i.e. those other than range size)
since the comparisons are always for different groups within the
same site. Second, whereas the data used in the Spearman rank
correlation analyses are for entire taxa (e.g. birds), the binomial
analysis also included comparisons within taxa. For example,
comparisons of large-ranged and small-ranged birds on the same
domain were included. In the binomial analyses, range size
(rather than the ratio of range size to domain size) was used as
the independent variable, since the domain is constant. Here, the
analysis is not on the coefficient of determination per se. Rather,
the binomial test is concerned with whether the relationship is
positive or negative.
Similar to the analyses of range size within domains, we also
compared the effects of spatial extent within regions for those
studies or groups of studies that considered the same taxon at
multiple scales within a region (see Appendix S3 in Supplementary Material). To test whether the effects of the range size:domain
size ratio are independent of the spatial extent of analysis, we used
binomial tests (test proportion = 0.5) to compare the proportion
of cases in which the diversity pattern of a group of organisms
was better explained at larger extents relative to smaller extents
by MDE null models. Like the binomial test for the effects of
range size, the binomial test for the effects of spatial extent controls for differences among domains to a greater extent than do
the Spearman rank correlation comparisons among domains.
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Table 1 Results of Spearman rank correlation for the effects of
range size (relative to domain size) and spatial extent on coefficients
of determination for MDE null model predictions
Analysis
Effects of range size on MDE r2
All combined
Continental
Regional
Gamma
Alpha
Gamma and alpha
Effects of spatial extent on MDE r2
Scale

r

P

n

0.282
0.927
0.655
0.202
0.238
0.214

0.0018
0.0027
0.0018
0.1314
0.0571
0.314

108
12
21
32
45
77

0.800

0.0823

4

Figure 1 Box plots indicating the explanatory power (r 2) of MDE
null models at four spatial scales: α-elevational and γ-elevational
studies, regional and continental. Regional and continental scale
diversity data tend to fit the predictions of the MDE null models
better than do the alpha and gamma diversity data. Lines within
box plots indicate the median.

RESULTS
The explanatory power of MDE null model predictions
(estimated by coefficients of determination r 2) was dependent
on the range size:domain size ratio and the spatial extent of
analysis (Table 1, Figs 1 & 2).When the spatial extent was large,
MDE coefficients of determination were higher than when the
spatial scale was small (Table 1, Figs 1 & 2); this relationship
was strong (r = 0.8) but not quite significant due to the small
number of scales included (n = 4). Range size explained most of
the variation in the explanatory power of MDE predictions
at large scales (continental r = 0.927, regional r = 0.655), but
almost none of the variation at small scales (gamma r = 0.202,
alpha r = 0.248) (Fig. 2).
When two taxonomic groups (e.g. birds and plants) or groups
of species split by range size (into halves) from the same domain
were examined, we found that the MDE explained more variation in diversity for groups with larger average range sizes than it
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Figure 2 Scatterplots showing that at large spatial scales (regional
and continental), the larger the ratio of average range size of a
taxonomic group to domain size, the better the fit to predictions
of the MDE null model, whereas the relationship does not exist at
smaller spatial scales: alpha (black circles) and gamma (grey circles)
elevational gradients. Dashed lines indicate directions of relationships,
not statistical inference.

did for taxonomic groups with smaller average range sizes (20 of
24 cases; binomial, P < 0.006). Two of the four domains in which
diversity in three or more taxonomic groups was measured, the
Americas (r 2 = 0.57, n = 7, P = 0.05; Romdal et al., 2005) and the
Carrasco elevational transect in Bolivia (α-elevational, r 2 = 0.78,
n = 8, P = 0.004; Kessler, 2001), showed a positive and significant
(P < 0.05) relationship between MDE coefficients of determination
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and average range size (see Appendix S2 in Supplementary
Material). For the other two domains, Braulio Carillo in Costa
Rica and the regional elevational gradient in Papua New Guinea,
range size and MDE coefficients of determination were not
correlated (Braullio Carillo, α-elevational, r 2 = 0.32, n = 4, P = 0.4;
Papua New Guinea, regional, r 2 = 0.482, n = 3, P = 0.51). In eight of
the nine cases where diversity patterns of the same taxon could be
considered at multiple scales, diversity was better explained by
the MDE null model at the larger rather than smaller spatial scale
(binomial, P = 0.039; see Appendix S3 in Supplementary Material).
DISCUSSION
We have tested two hypotheses related to when mid-domain null
models predict empirical patterns of species richness, namely
that richness patterns of large-ranged groups of species should be
more consistent with MDE predictions than those of smallranged groups of species, and that MDE null models should
explain more variation in richness at larger spatial extents than
at small spatial extents. To our knowledge, this is the first attempt
to discern a general pattern among studies with regard to when
spatial variation in diversity fits MDE null models and when it
does not. At least some of the debate around the value and
importance of MDE null models is centred on whether or not
empirical patterns of diversity do or do not support MDE null
model predictions (e.g. Colwell et al., 2004). While MDE null
models predict empirical diversity patterns in many studies, they
fail to do so in others. Our results show that much of the variation among studies in the predictive power of the MDE depends
on the range sizes of species and the scale of analysis.
Hypothesis 1, null models and range size
Our analyses support a key prediction of MDE theory, namely
that richness of large-ranged groups of species should be more
consistent with MDE predictions than that of small-ranged
groups of species, (e.g. Lees et al., 1999). Overall, mean range size
(measured as the ratio of mean range size to domain size) had a
significant effect on the explanatory power of MDE among studies. In addition, when particular domains were considered for
multiple taxa or groups of species, large-ranged groups of species
were more likely (20 of 24 cases) to have diversity patterns that
were better explained by MDE null models. As a more concrete
example of the general pattern, in studies of latitudinal gradients
in the Americas more than half of the variation among taxa (i.e.
various bird taxa, marsupials and bats) in fit of the MDE to
empirical patterns of diversity is explained by differences
among taxa in terms of mean range size. Romdal et al. (2005)
qualitatively reported on the same pattern in their analyses of
these data sets, wherein the smallest-ranged taxon (hummingbirds) has ranges clustered in the middle of a domain to a greater
extent than predicted by the null models, and the richness
pattern of the largest-ranged taxon (raptors) is well predicted by
the null models. The effect of range size on the fit of MDE null
models was strongest at large spatial extents, and weak to absent at
the smaller spatial extents (Fig. 1). Thus we find that for taxa with

large range sizes at larger spatial scales, patterns in the diversity
of species have substantially better fits to MDE predictions.
Our results empirically confirm the theoretical prediction of
Lees et al. (1999) for the first time for comparisons among
domains.
The conclusion that MDE null models have the highest predictive power for large-ranged species both within and among
domains has several practical and theoretical implications. First,
because the species of greatest conservation concern typically
have small ranges, diversity patterns of those species are best
considered in relation to factors other than MDE null models.
As has been pointed out elsewhere (e.g. Jetz & Rahbek, 2001,
2002; Jetz et al., 2005), it also means that studies that consider all
species together without considering small-ranged species separately will often miss the species diversity patterns of the species
of greatest concern because they are swamped by the middomain effects of large-ranged species. Second, our results also
indicate that diversity patterns of some taxa and domains (those
with small range sizes relative to domain size), as predicted by
theory, are less likely to be strongly affected by mid-domain
effects, and perhaps more likely to be driven by historical or
environmental factors. Taxa with small average ranges may be
the best test beds for examining the effects of history and the
environment on diversity patterns (see also Jetz et al., 2005).
Ironically, the historical focus in studies of diversity has been on
vertebrates and plants (e.g. all but 12 of those data sets included
in this study), which may prove to have larger average ranges
than do many groups of insects (e.g. Dunn, 2005), which might
best show the signal of the factors of interest.
It is worth noting that we found a relationship between range
size and explanatory power of the MDE null model despite the
fact that we used a very simple measure of range size distribution,
namely mean range size. We used mean range size because it is
the measure of range size distributions most frequently available
from studies of the MDE. However, two range size distributions
with the same mean might have very different distributions. For
example, imagine one distribution where every range is of average size and another where some ranges are large and many are
small. As a consequence, range size distributions could actually
explain more of the variation among studies and domains in
MDE explanatory power than we show here.
Hypothesis 2, null models and scale
Our results supported the hypothesis that MDE null models have
less predictive power for small domains. Independent of the
range size:domain size ratio, MDE null models were poorer
predictors of diversity at smaller spatial extents than at larger
spatial extents. Range size (relative to the size of the domain)
explained little variation in species diversity for α-elevational and
γ-elevational studies (Fig. 2). Although the explanatory power
of the MDE was high for some individual α- and γ-elevational
studies (e.g. Kessler, 2001), on average, null models explained less
than 25% of variation. Rahbek (2005) concluded that productivity
and other environmental variables explain less variation in patterns of diversity at large spatial extents. The lack of a MDE trend
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in small-scale studies may be due to a variety of factors. Coefficients of determination for α-elevational and γ-elevational level
studies may be small because, for elevational gradients, climatic
factors and area are strongly correlated with elevation (e.g.
McCain, 2005, 2006), perhaps more so than is the case along, for
example, latitudinal gradients (e.g. Rahbek, 2005). Further,
favourable ecological conditions (e.g. temperature, rainfall) may
diminish more quickly (in relation to size of domain) with elevation than with latitude.
A second possible explanation for the low explanatory power
of MDE null models at small spatial extents is that as smaller and
smaller spatial extents are considered, ranges are smaller relative
to the size of the domain. This might be expected if, for example,
particular climate regimes and hence habitat types (e.g. montane
forest) occupy a smaller proportion of smaller gradients. However, at least for the analyses considered here, there was not a
strong relationship between spatial extent and range size.
A final explanation for a link between spatial scale and the fit
of MDE null models is that along continental domains (but not
smaller domains) those environmental factors that drive patterns
of diversity (e.g. temperature and productivity) peak in the middle of the domain. If this were generally true, MDE predictions
might better explain empirical richness patterns at large scales
simply as a consequence of covariation between MDE predictions and productivity. We suspect this is not the case for three
reasons. First, productivity and favourable climate do not seem
to be more likely to be drivers of richness patterns on the largescale domains than on the smaller ones, more likely the reverse
(e.g. Rahbek, 2005). Second, it is not obvious that the peaks in
productivity or other environmental variables are more likely to
be in the middle of larger spatial extents. The larger domains we
considered included both regions where productivity and temperature do peak in the centre of the domain (e.g. Romdal et al.,
2005, the Americas) and examples where they do not (e.g. Lees
et al., 1999, Madagascar). Similarly, on some elevational gradients
productivity peaks at the bottom of the gradient and in others
productivity appears to peak closer to the middle of domains
(Rahbek, 2005). Finally, in those large-scale analyses where
environmental variables were explicitly incorporated into multivariate analyses, mid-domain null models remain significant
predictors of diversity (Jetz & Rahbek, 2001, 2002).
The significance of the differences among spatial extents in the
fit of MDE null models depends in part on the cause of the difference. If the difference among scales is due to differences in the
relative importance of environmental and historical factors
among different extents then there is no reason to expect that
more sophisticated null models (e.g. Dunn et al., in press) will
yield better fits.
Conclusions
In sum, we have proposed a framework for understanding when
the MDE does and, just as interestingly, does not predict patterns
of diversity along bounded geographical domains: MDE null
models consistently fail at predicting empirical diversity patterns
for groups of small-ranged species and at small spatial extents. In
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contrast, MDE null models frequently predict variation in species diversity for groups of large-ranged species, particularly at
large spatial scales.
Much of the debate regarding the use and abuse of MDE null
models revolves around whether MDE null models fit the data.
We suggest that there is little reason for continued debate about
the role of MDE null models where ranges are small. Similarly,
where domains are small the MDE may have a limited role. Thus,
for the vast majority of cases in which diversity has been studied
(most of which are on small domains), explanations other than
mid-domain effects are necessary. Large domains on which species have large ranges are the context in which mid-domain null
models are most important to consider. These big domains (the
Americas, Africa, Madagascar, etc.) remain the focus of the most
animated debates about mid-domain null models (e.g. Colwell
et al., 2004, 2005; Zapata et al., 2005), and have the longest history
of study (e.g. Forster, 1781). But because of the strong middomain effects at large scales, latitudinal gradient studies may
tell us the least about the effects of history and environment on
species diversity.
ACKNOWLEDGEMENTS
We are grateful to Robert Colwell, Tom Romdal, Monica
Sanchez, Chris Storch, two anonymous referees and Dan Simberloff for valuable help and discussions about this project. This
work was partially supported by an ARC Discover Grant to
R.R.D., a NCEAS postdoc to C.M.M. and funds from the University of Tennessee.
REFERENCES
Cardelús, C., Colwell, R.K. & Watkins, J.E., Jr (2006) Vascular
epiphyte distribution patterns: explaining the mid-elevation
richness peak. Journal of Ecology, 94, 144–156.
Colwell, R.K. (2005) RangeModel: a Monte Carlo simulation tool
for assessing geometric constraints on species diversity. Version 4.
User’s guide and application (http://viceroy.eeb.uconn.edu/
RangeModel).
Colwell, R.K. & Hurtt, G.C. (1994) Nonbiological gradients in
species diversity and a spurious Rapoport effect. The American
Naturalist, 144, 570–595.
Colwell, R.K. & Lees, D.C. (2000) The mid-domain effect: geometric constraints on the geography of species diversity.
Trends in Ecology & Evolution, 15, 70–76.
Colwell, R.K., Rahbek, C. & Gotelli, N.J. (2004) The mid-domain
effect and species diversity patterns: what have we learned so
far? The American Naturalist, 163, E1–E23.
Colwell, R.K., Rahbek, C. & Gotelli, N.J. (2005) The mid-domain
effect: there’s a baby in the bathwater. The American Naturalist,
166, E149–E154.
Connolly, S.R., Bellwood, D.R. & Hughes, T.P. (2003) Indo-Pacific
biodiversity of coral reefs: deviations from a mid-domain
model. Ecology, 84, 2178–2190.
Diniz-Filho, J.A.F., de Sant’Ana, C.E.R., de Souza, M.C. &
Rangel, T.F.L.V.B. (2002) Null models and spatial patterns

© 2006 The Authors
Global Ecology and Biogeography, 16, 305–312, Journal compilation © 2006 Blackwell Publishing Ltd

When null models explain diversity
of species diversity in South American birds of prey. Ecology
Letters, 5, 47–55.
Dunn, R.R. (2005) Insect extinctions, the neglected majority.
Conservation Biology, 19, 1030–1036.
Dunn, R.R., Colwell, R.K. & Nilsson, C. (2006) The River Domain:
why are there so many species half way up the river? Ecography,
29, 251–259.
Dunn, R.R., Parker, C. & Sanders, N.J. (in press) Temporal patterns
of diversity: assessing the biotic and abiotic controls on ant
assemblages. Biological Journal of the Linnean Society.
Ellison, A.M. (2002) Macroecology of mangroves: large-scale
patterns and processes in tropical coastal forests. Trees —
Structure and Function, 16, 181–194.
Fleishman, E., Austin, G.T. & Weiss, A.D. (1998) An empirical
test of Rapoport’s rule: elevational gradients in montane
butterfly communities. Ecology, 79, 2482–2493.
Forster, J.R. (1781) Observations made during a voyage round the
world. G. Robinson, London.
Grytnes, J.A. (2003) Ecological interpretations of the middomain effect. Ecology Letters, 6, 883–888.
Grytnes, J.A. & Vetaas, O.R. (2002) Species richness and altitude:
A comparison between null models and interpolated plant
species richness along the Himalayan altitudinal gradient,
Nepal. The American Naturalist, 159, 294 –304.
Hawkins, B.A. & Diniz-Filho, J.A.F. (2002) The mid-domain effect
cannot explain the diversity gradient of Nearctic birds. Global
Ecology and Biogeography, 11, 419– 426.
Hawkins, B.A., Field, R., Cornell, H.V., Currie, D.J., Guégan,
J.-F., Kaufman, D.M., Kerr, J.T., Mittelbach, G.C., Oberdorff,
T., O’Brien, E.M., Porter, E.E. & Turner, J.R.G. (2003) Energy,
water, and broad-scale geographic patterns of species diversity.
Ecology, 84, 3105–3117.
Jetz, W. & Rahbek, C. (2001) Geometric constraints explain much
of the species diversity pattern in African birds. Proceedings
of the National Academy of Sciences USA, 98, 5661–5666.
Jetz, W. & Rahbek, C. (2002) Geographic range size and determinants of avian species diversity. Science, 297, 1548–1551.
Jetz, W., Rahbek, C. & Colwell, R.K. (2005) The coincidence of
rarity and diversity and the potential signature of history in
centres of endemism. Ecology Letters, 7, 1180–1191.
Kessler, M. (2001) Patterns of diversity and range size of selected
plant groups along an elevational transect in the Bolivian
Andes. Biodiversity and Conservation, 10, 1897–1921.
Kluge, J., Kessler, M., & Dunn, R.R. (2006) What drives elevational
patterns of diversity? A test of geometric constraints, climate,
and species pool effects for pteridophytes on an elevational
gradient in Costa Rica. Global Ecology and Biogeography, 15,
358 –371.

Koleff, P. & Gaston, K.J. (2001) Latitudinal gradients in diversity:
real patterns and random models. Ecography, 24, 341–351.
Laurie, H. & Silander, J.A. (2002) Geometric constraints and
spatial pattern of species diversity: critique of range-based null
models. Diversity and Distributions, 8, 351–364.
Lees, D.C., Kremen, C. & Andriamampianina, L. (1999) A null
model for species diversity gradients: bounded range overlap
of butterflies and other rainforest endemics in Madagascar.
Biological Journal of the Linnean Society, 67, 529–584.
McCain, C.M. (2003) North American desert rodents: a test of
the mid-domain effect in species diversity. Journal of Mammalogy,
84, 967–980.
McCain, C.M. (2004a) The mid-domain effect applied to elevational gradients: species diversity of small mammals in Costa
Rica. Journal of Biogeography, 31, 19–31.
McCain, C.M. (2004b) Mid-domain null. User’s guide and application
(http://www.nceas.ucsb.edu/∼mccain/MidDomainNull.htm).
McCain, C.M. (2005) Elevational gradients in diversity of small
mammals. Ecology, 86, 366–372.
McCain, C.M. (2006) Could temperature and water availability
drive elevational richness patterns? A global case study for
bats. Global Ecology and Biogeography, doi: 10.1111/j.1466822X.2006.00263.x.
Pineda, J. & Caswell, H. (1998) Bathymetric species-diversity
patterns and boundary constraints on vertical range distributions.
Deep-Sea Research Part II — Topical Studies in Oceanography,
45, 83–101.
Rahbek, C. (2005) The role of spatial scale and the perception of
large-scale species-diversity patterns. Ecology Letters, 8, 224–
239.
Romdal, T.S., Colwell, R.K. & Rahbek, C. (2005) The influence of
band sum area and range sizes on the latitudinal mid-domain
effect. Ecology, 86, 235–244.
Sanders, N.J. (2002) Elevational gradients in ant species diversity: area, geometry, and Rapoport’s rule. Ecography, 25, 25–
32.
Watkins, J.E., Jr, Cardelús, C., Moran, R.C. & Colwell, R.K. (2006)
Diversity and distribution of ferns along an elevational gradient
in Costa Rica. American Journal of Botany, 93, 73–83.
Whittaker, R.J., Willis, K.J. & Field, R. (2001) Scale and species
diversity: towards a general, hierarchical theory of species
diversity. Journal of Biogeography, 28, 453–470.
Willig, M.R., Kaufman, D.M. & Stevens, R.D. (2003) Latitudinal
gradients of biodiversity: pattern, process, scale, and synthesis.
Annual Review of Ecology, Evolution, and Systematics, 34, 273–
309.
Zapata, F.A., Gaston, K.J. & Chown, S.L. (2005) The mid-domain
effect revisited. The American Naturalist, 166, E144–E148.

© 2006 The Authors
Global Ecology and Biogeography, 16, 305– 312, Journal compilation © 2006 Blackwell Publishing Ltd

311

R. R. Dunn et al.
SUPPLEMENTARY MATERIAL

BIOSKETCHES

The following supplementary material is available for this article.
Robert R. Dunn studies the ecology and evolution of
ant-mediated plant dispersal in south-western Australia
and patterns of diversity and ecological and evolutionary
causes and consequences more generally. In his work on
dispersal, he is interested in the linking of patterns of
dispersal distance, range size and diversity to the
evolution of dispersal mode.

Appendix S1 Data sets used in the analyses
Appendix S2 Relationship between range size:domain size ratio
and the coefficients of determination
Appendix S3 Comparisons of correlation coefficients at different
spatial scales

Christy M. McCain is an ecologist focusing on largescale ecological patterns with particular emphasis on
species diversity, abundance and distribution patterns
along ecological gradients. She is also interested in null
models, ecological modelling of species ranges, montane
biogeography, and theoretical and empirical aspects of the
causes and maintenance of species diversity.

Appendix S4 Supplementary literature cited

Nathan J. Sanders uses a combination of experimental
and descriptive approaches to pursue research in the
determinants of diversity and community organization of
ants, the causes and consequences of biological invasions,
and how biotic and environmental factors influence
species diversity at local and regional scales.

Please note: Blackwell Publishing are not responsible for the content or functionality of any supplementary materials supplied by
the authors. Any queries (other than missing material) should be
directed to the corresponding author for the article.

This material is available as part of the online article from:
http://www.blackwell-synergy.com/doi/abs/10.1111/j.14668238.2006.00284.x
(This link will take you to the article abstract).

Editor: Jack Lennon

312

© 2006 The Authors
Global Ecology and Biogeography, 16, 305–312, Journal compilation © 2006 Blackwell Publishing Ltd

